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Integrating Public Domain Data to 
Construct Community Profiles

Introduction
In recent times there has been an increase 
in the availability of and requirement 
for public domain data that can be used 
to construct community level profiles 
in order to study contextual level 
phenomena. In this paper, we will review 
the developments that have given rise 
to this requirement, and explain how we 
have constructed a database of community characteristics 
at a postcode level. We shall then review applications of 
this type of data, and the opportunities for both aggregation 
and extension.

The demand for community level data has grown following 
developments in academic research and also in policy 
related work. Academics in many fields, including the 
government, are now examining aspects of the social world 
at multiple levels and therefore need accurate data at these 
levels (Sampson 1988; Griffen 1997; Raudenbush and 
Sampson, 1999; Sampson and Raudenbush 1999). 

There has also been an increased demand for community 
level data within local government areas in order to better 
understand and address local issues, and to be used for 
evidence based planning. The approach we will outline 
provides an opportunity to do this, particularly when 
integrating a variety of data sources and utilising multiple 
methods of data collection. 

The need to measure ʻcontext  ̓
Researchers in many fields are now studying social 
phenomena at multiple levels of analysis. It has been 
previously recognised that to understand the social world 
in detail requires a multi-level approach, yet until recently 
this has not been possible. New theoretical and empirical 
developments in the area of multi-level modelling make 
it possible to measure ʻcontexts  ̓(such as ʻenvironmentʼ, 
ʻorganisationʼ, ʻcommunity  ̓or ʻneighbourhoodʼ) in 
addition to ʻindividualsʼ. Hierarchical or ʻmulti-level  ̓
modelling techniques estimate the effects of variables 
at different hierarchical levels. These techniques were 
developed primarily in educational research, to estimate 
separate parameters for the effects of the school, teacher 
and pupil on a studentʼs academic achievement (Goldstein 
1995; Singer 1997). The technique of multi-level modelling 
involves estimating higher-level effects from the data, 

then using these higher-level estimates 
as constants in the analysis of units at 
lower levels of analysis. This enables 
effects at lower levels to be determined 
while taking into account the tendency 
of (lower-level) individuals in similar 
(higher-level) contexts to exhibit similar 
responses (Goldstein 1995; Bryk and 
Raudenbush 1992). 

These recent developments in multi-level research have 
seen major advances in many fields, including Sociology, 
Psychology, Social Work, Organisational Theory and 
Criminology. For example, understanding aspects 
of social capital, such as the tendency to volunteer, 
involves understanding both aspects of individuals and 
the characteristics of their communities. Communities 
can differ in terms of density of social relationships, 
infrastructure characteristics (such as number of business 
premises versus residential, parkland, number of schools), 
homogeneity, heritage, community safety and structural 
aspects (such as age and gender distribution and household 
composition). Similarly, individuals may differ in terms of 
demographics, personality, attitudes, values, behaviours or 
motivation. 

It is not surprising given these developments that there has 
been growth in the number of multi-level and ecological 
studies in a broad range of fields. Two examples of such 
research designs are the Project on Human Development in 
Chicago Neighborhoods and the Los Angeles Family and 
Neighborhood Survey (LA FANS). Both projects attempt 
to disentangle the intricate effects of individual, family and 
community factors on the human development of children 
and juveniles, by undertaking a longitudinal investigation 
of individuals, communities and individuals within their 
community. 

The aim of the Los Angeles Family and Neighborhood 
Survey1 is twofold – firstly to study the impact of 
neighbourhood, family and peers on childrenʼs 
development, and secondly to study how and why families 
choose to live in certain neighbourhoods. The focus of 
this study is to provide in-depth understanding of these 
relationships to inform policy development, particularly 
welfare policy. 
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The Chicago Neighborhoods Project2 aims to reveal the 
causes and implications of deviancy amongst residents of 
several Chicago neighbourhoods. Over an 8-year period, 
researchers will gather official data about neighbourhood 
characteristics, including the economic, social, political, 
business and cultural structures within the neighbourhood. 
Information will also be collected through a series of co-
ordinated longitudinal studies that trace 7,000 randomly 
selected children through to young adulthood, looking at 
personal characteristics, changing circumstances and the 
exhibition of delinquent behaviours. 

In Australia, there has been no large scale, systematic study 
that attempts to describe the characteristics of geographic 
regions in this manner. The main difficulty for Australian 
researchers attempting this type of undertaking is that there 
was no consensus amongst government agencies about how 
the geographic element of this data would be collected. For 
example, the Business Register identifies the geographic 
location of businesses by the postcode they are located 
in, while Federal and State Government election results 
are recorded by electoral district and crime statistics are 
recorded by local government area. In an attempt to address 
this inconsistency, the Australian Bureau of Statistics has 
recently revised a classification scheme that will enable the 
production of statistics that can be integrated. Statistical 
units, such as households and businesses, are assigned to 
a geographical area, with the data collected from these 
statistical units then compiled into pre-defined geographic 
aggregations that, subject to confidentiality restrictions, are 
then available for publication.

With multi-level research comes the need to measure 
characteristics of communities and neighbourhoods 
with much more precision than has been required in the 
past. This provides the opportunity to integrate a higher 
number of community and neighbourhood indicators into 
comprehensive data sets of characteristics. 

Sources of data at different levels
The data we have sourced and integrated has been collected 
at the postcode level. That is, the data can be treated as 
roughly representative of geographical communities. 
The postcode has both advantages and disadvantages as 
a unit of analysis. On the one hand it is an administrative 
boundary that may not exactly reflect the social ecology of 
the residence; on the other hand, it offers an advantage in 
that there are many different types of data available at the 
postcode level. 

The type of data available includes: demographic data 
(in Australia this is available for 1996 and 2001, both 
years in which there was a census), data on the incidence 
and perceptions of crime, the number and locations of 
licensed premises, the number and location of churches 
and religious institutions (as well as other cultural 
institutions), the number of schools, the number and type of 

recreational facilities, social services (such as law courts, 
legal centres, community centres) and the number and 
location of businesses, government offices and agencies. 
A detailed list of the type and source of data is available in 
Table 1 ( http://www.iassistdata.org//publications/iq/iq27/
iqvol271ReedTable1.pdf

 )

Aggregation and extensions
Community data collected at the postcode level can be 
aggregated into local council areas or regions and into 
state level areas. This type of dataset also provides the 
opportunity for extension through integration with other 
survey data and qualitative techniques. By constructing a 
sampling frame for household or individual surveys from 
electronic phone directories, there is also the opportunity to 
identify neighbourhoods within postcode levels (by street 
location, for example). Telephone survey data can also be 
supplemented at the level of the respondent through more 
detailed personal interviews, following the analysis of the 
survey data. 

Contextual and situational data can be further extended 
through systematic social observation (SSO) and 
ethnographic fieldwork. Mapping the variation in 
community characteristics provides a rich information 
source for case selection in ethnographic fieldwork. 
Information about the characteristics of communities and 
neighbourhoods can also be integrated with the detailed 
descriptions of ethnographies and social observations 
in order to further understand complex social situations 
and interactions. An example of this type of extension 
is found in Sampson and Raudenbush (1999), a study 
of social disorder in Chicago. They combine social 
observation, census data, police records and a survey of 
residents to test a theory of structural constraints with 
local collective efficacy in order to understand the sources 
and consequences of social and physical disorder in urban 
areas. 

Sourcing, collating and integrating community level data 
over time also provides enormous potential for identifying 
macro-level structural change. Our database enables us to 
aggregate the data of local government areas for 1996 and 
2001. This enables the analyses of variation between these 
areas at each point in time, and reveals changes within 
council areas over the two periods. This has important 
policy applications for community capacity building, 
community regeneration and social capital. 

Applications
It is widely accepted that an understanding of the social 
world requires theories at multiple levels to achieve 
complete explanation. While a ʻcomplete  ̓explanation 
is a direction for progress rather than an attainable goal, 
this type of data set will provide much information about 

http://www.iassistdata.org//publications/iq/iq27/iqvol271ReedTable1.pdf
http://www.iassistdata.org//publications/iq/iq27/iqvol271ReedTable1.pdf
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macro-level contexts such as environment, community 
and neighbourhood. It also makes possible analyses of the 
landscapes in which many social issues arise. The following 
examples illustrate how this data might be applied for 
multi-level research. 

Our first example is a study of the propensity to volunteer 
in community-based fire fighting. The study will take into 
account the effects of the individual, life-situation and 
community on tendency to volunteer. People may choose 
to become volunteer fire fighters for a variety of personal 
reasons, including feeling part of a community and a 
sense of obligation, or for instrumental reasons, such as 
maintaining property security and developing skills that 
enhance employment prospects. Analyses at the individual 
level may capture such differences in perception, but not 
the effects associated with influences derived from living 
within different types of community. Community level 
data such as that described will give us insight into the 
relationship between types of community characteristics 
and the tendency to volunteer. This contributes to 
theoretical development and policy and planning issues 
involving volunteer activity and community development. 

A second example is the study of the effects of social 
relationships and networks on personal outcomes, in this 
case health. Like the problems described thus far, a central 
issue in this investigation is distinguishing between the 
effects at the individual level from effects at the community 
level. For example, if we compared two communities, 
one characterised by dense social networks and the other 
by a high amount of individualism, we cannot determine 
whether it is living in that type of community or having 
many social relationships that produces individual 
outcomes, including better health. To this end, community 
level data provides the opportunity to study the interaction 
effects of individual and community characteristics on 
personal health. 

In these cases we treated postcodes as roughly representing 
geographical communities. We employed a sample design 
capable of allowing statistical inferences that estimate the 
effects at both the postcode level and again at the individual 
level. As referred to previously this offers both advantages 
and disadvantages. The community level data that we have 
described is available at the postcode level while individual 
data can be aggregated from sources, such as the Census, to 
provide measures of affluence, demographic structure and 
residential stability. 

Conclusion
Recent developments in multi-level theory and policy 
and planning requirements make it timely to collect and 
integrate data from a number of sources to better understand 
the context in which social action occurs. The data set 
that we describe is constructed by collecting data from a 
number of different sources, almost all of which is available 

at postcode level. This data can then be aggregated and 
extended to a higher level of analysis, such as the region or 
the state, or disaggregated into neighbourhoods or streets, 
if combined with further data collection methods. This 
extended data set, or community profile, can then be used 
to identify and pinpoint the effects of social change across a 
range of social levels, from a state wide macro-level down 
to the micro-level of a particular street if need be.

These applications stem directly from the recent abundance 
of publicly available data and the development of effective 
ways in which the community profile may be used. 
Academic researchers, policy workers and local or state 
governments may immediately benefit from the adoption of 
this method of social inquiry. At present, the only limiting 
factor for this method is the potential incompatibility of the 
various data sets available. However, as seen by the recent 
actions of the Australian Bureau of Statistics, this is a 
problem that has been recognised and is being addressed.

In closing, it can only be expected that the kind of multi-
level data collection and analysis that we have presented 
today, and that can be seen in the Los Angeles Family 
and Neighborhood Survey and the project on Human 
Development in Chicago Neighborhoods projects, will 
become an established and invaluable part of social 
research and planning.
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Footnotes
1 Refer to http://www.lasurvey.rand.org

2 Refer to http://phdcn.harvard.edu/about/about.html
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